7 Qualitative Dependent Variable @EHHEEZE )

1. Discrete Choice Model BtBUGEIR €7 L)
2. Limited Dependent Variable Model (FIFREBZEHE T IV)

3. Count Data Model Gt#7—% €7 L)

Usually, the regression model is given by:
yi=XB+u, Uu~N(@Oc?), i=L12---,n,
wherey; is a continuous type of random variable within the interval frem to .

Wheny; is discrete or truncated, what happens?
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7.1 Discrete Choice Model B#UZEIR €T L)
7.1.1 Binary Choice Model C{EZIRET V)

Example 1: Consider the regression model:
yi=Xg+u, Uu~(00?, i=12--,n,
wherey: is unobserved, b is observedasOor 1, i.e.,

1, if y >0,
Yi =
0, if y* <O.

Consider the probability that takes 1, i.e.,

P(y; = 1) = P(y; > 0) = P(u; > —=XB8) = P(uf > —=Xi8") = 1 - P(yf < -X8)
=1-F(-Xg") = F(X8"), (ifthe dist. ofu’ is symmetric.)
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Uj B

whereu; = —, and g = = are defined.
ag ag
(*) B* can be estimated, bgtando? cannot be estimated separately (i&ando?

are not identified).
X
The distribution function oti" is given byF(x) = f f(2dz

If u® is standard normal, i.eu” ~ N(O, 1), we callprobit model.
X
FO= [ @) emtsAd 100 = @) expt- ).

If uf is logistic, we calllogit model.
B 1 _ expEx)
P = 1+ expEx)’ ) = (1 + exp(x))?’

We can consider the other distribution function fpr
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Likelihood Function: v, is the following Bernoulli distribution:

f0) = (P = DY'(PW: = O = (FOGE W (L - FOGE )™, =01,

[Review — Bernoulli Distribution ( X)L X 1 4373)]
Suppose thaX is a Bernoulli random variable. the distributionXfdenoted byf (x),
is:

f(x) = p*(1- p*>, x=0,1

The mean and variance are:

1
p=EX) =) xf(=0x(1-p+1xp=p,

x=0
1
o? = V(X) = E(X - p)) = Z(X—u)zf(X) =0-p*(l-p)+(@Q-p?°p=pl-p).
x=0

[End of Review]
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The likelihood function is given by:

L) = FYL Yo . Yn) = ﬂf(y.)-]‘[(F(xxs»y(l FOGB)M,

i=1

The log-likelihood function is:

n

logL(8") = > (vilog F(X8") + (1 - yi) log(1 - F(X"))),

i=1

Solving the maximization problem of ldgg*) with respect tgs*, the first order

condition is:
dlogL(s) _ t X f(xp) (A- yi)xi'f(xiﬁ*))
B it F(Xp*) 1-F(Xp")
_ N X8 - F(Xg)) Z X it~ Fi) _
— F(Xp)(1 - F(XB)) Fi(1- F)
s ] dF(x)
wheref; = f(X8*) andF; = F(X|8"). Remember that(x) = I
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The second order condition is:

Nl ofi M k) Xi,fia(fi -F)

02logL(") <~ 'ap .\ B
pop &L F(L-F) = Fi(1l-F)
+Zx’f(y. B F)G(F(l Fi))*

B
~ X f (i - oOXXfE G, Xifi(L- 2F)
Z Fi(l— F) Z F(L-F) ;X‘f'(y'_':')m
is a negative definite matrix.

For maximization, the method of scoring is given by:

%(] -1 (i
gD = gl _E(az logL(3"?) dlogL(B")

' -1 . ,
:ﬁ*(j) + [an MJ n Xi fiFJ)(yi _ Fi(l)),
ZFO-FY)) & FPa-rY)
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whereF! = F(xg0) and £ = f(x;8°D). Note that
& logL(B*M) o XX 2
1B)=F(—— " _Z)=-) ‘"1
) =H ap op’ ) ; Fi(1-Fi)
because of Bf) = F

It is known that

2
Vn@ -7 — N(O lim ( - (—aal;ga;(f))) )

whereg* = lim *!) denotes MLE of".

j—o0

Practically, we use the following normal distribution:

B~ N(B, 1YY,

52|09L(ﬂ*))_ Z X f?
aﬁ*aﬁ*l - i=1 ﬁi(l_ Ifi)’

Thus, the significance test {8t and the confidence interval {8t can be constructed.

wherel (58*) = —E( f, = £(X8") andF; = F(X3°).
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Another Interpretation: ~ This maximization problem is equivalent to the nonlin-

ear least squares estimation problem from the following regression model:
yi = F(XiB") + u,

whereuy; = y; — F; takesy; = 1 — F; with probability P(y; = 1) = F(X8*) = F; and
U = —F; with probability P(y; = 0) = 1 - F(X8*) = 1 - F;.
Therefore, the mean and varianceupére:

Ew)=A-F)Fi+(-F)1-F)=0,

of = V(u) = EW) - (EW))* = (1 - F)?Fi + (-F)’(1 - F) = Fi(1- Fy).

The weighted least squares method solves the following minimization problem:

o

(= F(XB))?
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The first order condition is:

Zn: XTI — F(XB) _ Zn: X iy —-F)

— o2 —~ Fi(1-F) B

0,

which is equivalent to the first order condition of MLE.

Thus, the binary choice model is interpreted as the nonlinear least squares.

Prediction: E(y;) =0x(1-F)+1xF =F =F(Xg").
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Empirical Application of Example 1:  Excess Demand Function.

Demand is observed as both amount and quantity, while supply is not.
Therefore, excess demand is not observed,

Data are taken from household expenditure survey as follows:

y  EIA (M)
s IHl (M)
b v—v (H]

sml & [1ml]
bl Y —J [11)
CPI HEEWMIEE - K&

year y s b sml bl CPI

2000.01 458911 716 1350 828 2.67 102.8
2000.02 486601 643 1527 728 3.01 102.5
2000.03 494395 661 1873 775 3.69 102.7
2000.04 505409 614 1967 749 3.93 102.9
2000.05 460116 567 2311 679 4.64 103.0
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2000.
2000.
2000.
2000.
2000.
2000.
2000.
2001.
2001.
2001.
2001.
2001.
2001.
2001.
2001.
2001.
2001.
2001.
2001.
2002.
2002.
2002.
2002.
2002.
2002.
2002.
2002.
2002.
2002.

772611
640258
506757
446405
488921
457054
1035616
453748
475556
481198
498080
447510
766471
614715
496482
447397
489834
461094
1000728
462389
477622
496351
485770
444612
745480
583862
488257
440319
475494

1609

561

2225
3419
2976
2160
1805
1674
2546
1363
1299
1467
1641
1825
2003
2656
2326
1546
1426
1222
2274
1040
1040
1418
1427
1623
1900
2437
2358
1522
1378

596
511
530
580
750
831
1688
806
688
708
637
608
535
568
492
617
733
818
1710
716
778
748
689
602
537

508
536
757
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102.
102.
102.
102.
102.
102.
102.
102.
102.
101.
102.
102.
101.
101.
102.
101.
101.
101.

101.
100.
100.
101.
101.
101.

101.
101.
100.
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2002.
2002.
2003.
2003.
2003.
2003.
2003.
2003.
2003.
2003.
2003.
2003.
2003.
2003.
2004.
2004.
2004.
2004.
2004.
2004.
2004.
2004.
2004.
2004.
2004.
2004.
2005.
2005.
2005.

439186
939747
435989
455309
456873
475037
429669
730617
574574
474973
429301
467408
435079
932887
445133
474143
456288
488217
446758
723370
599045
476264
440187
467895
442885
920100
448635
469673
451360

730
1589
549
519
531
514
518
484
492
503
395
498
560
1484
530
591
455
441

391
414
403
387
454
482
1262
542
497
485

1347
2177
1025
1089
1343
1369
1396
1609
2013
2146
1331
1312
1230
2012
1062
1086
1239
1273
1530
1729
2166
2032
1414
1269
1266
1912

999

917
1060

888
1936
632
670
686
576
724
597
636
641
463
560
760
1621
595
705
621
539

447
432
474
450
551
619
1272
678
630
714
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100.
100.
100.
100.
100.
100.
101.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
101.
101.

100.
100.
100.
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2005.
2005.
2005.
2005.
2005.
2005.
2005.
2005.
2005.
2006.
2006.
2006.
2006.
2006.
2006.
2006.
2006.
2006.
2006.
2006.
2006.
2007.
2007.
2007.
2007.
2007.
2007.
2007.
2007.

495036
440388
720667
576129
463034
427753
463838
433036
905473
437787
461368
429948
472583
426680
684632
613269
475866
429017
467163
442147
968162
441039
471681
445076
472446
431013
735579
592452
467786

406
386
375
451

323
500
519
1173
466
433
416
444
426
431
358
400
341

533
1144
505
428
434
413

374
414
368

505
443
430
555
440
390
624
678
1152
501
580
517
536
544
529
395
448
444

660
1200
695
580
528
506

490
530
511
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.47
.84
.96
.36
.04
.56
.39
.12
.06
.82
.71

.43
.55
.60
.47
.50
.20

.01
.76
.82
.69
.07
.60

.93
.63
.10

100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
100.
101.
101.

100.
100.
100.

99.
100.
100.
100.
100.
100.
101.
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2007.
2007.
2007.
2007.
2008.
2008.
2008.
2008.
2008.
2008.
2008.
2008.
2008.
2008.
2008.
2008.
2009.
2009.
2009.
2009.
2009.
2009.
2009.
2009.
2009.
2009.
2009.
2009.
2010.

431793
469981
435640
950654
438998
476282
453482
469774
435076
737166
587732
488216
433502
481746
439394
969449
443337
464665
443429
473779
436123
700239
573821
466393
422120
459704
428219
906884
434344

329
445
541
1085
509
445
400
376
329
356
298
334
293
346
439
1076
479
417

354
370
343
287
300
263
349
432
943
420

1446
1108
1116
1892
1000
1008
1199
1234
1404
1410
1832
1767
1086
1066
1077
1711

962

849
1009

958
1180
1126
1478
1519

974

941
1546
800

425
542
594
1209
707
558
573
492
406
395
338
413
423
434
533
1231
636
705

428
495
386
327
345
363
435
588
1019
464
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101.
101.
101.
101.
101.
100.
101.
101.
102.
102.
102.
103.
103.
103.
102.
101.
101.
100.

101.
101.
100.
100.
100.
100.
100.
100.
100.
100.
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2010.
2010.
2010.
2010.
2010.
2010.
2010.
2010.
2010.
2010.
2010.
2011.
2011.
2011.
2011.
2011.
2011.
2011.
2011.
2011.
2011.
2011.
2011.
2012.
2012.
2012,
2012.
2012.
2012.

464866
439410
474616
421413
733886
562094
470717
425771
494398
431281
895511
419728
470071
419862
454433
413506
687212
572662
463760
422720
479749
424272
893811
430477
483625
441015
469381
417723
712592

347
386
317
316
316
362
314
255
337
374
943
418
345
366
371
345
317
267

276
345
329
884
432
394

381
309
337

751
885
926
1040
1236
1600
1571
1028
1017
870
1456
693
650
703
814
888
1025
1407
1378
917
789
848
1398
711
721

833
845
1015

500
578
404
455

382
397
361
520
485
912
495
552
472
485
432
327
367

419
433
426
907
619
495

466
411
417
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100.
100.
100.
100.
100.
99.
99.
99.
100.
99.
99.
99.
99.
99.
99.
99.
99.
99.

99.
100.
99.
99.
99.
99.
100.
100.
100.
99.
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2012.
2012.
2012.
2012.
2012.
2012.
2013.
2013.
2013.
2013.
2013.
2013.
2013.
2013.
2013.
2013.
2013.
2013.
2014.
2014.
2014.
2014.
2014.
2014.
2014.
2014.
2014.
2014.
2014.

557032
470470
422046
482101
432681
902928
433858
476256
444379
479854
422724
728678
569174
471411
431931
482684
436293
905822
438646
479268
438145
463964
421117
710375
555276
463810
421809
488273
431543

284
288
294
282
361
859
377
325
384
323
322
433
281
298
258
282
377
835

365
397
304
348
356
304
325
319
345
398

1242
1374
903
752

1347
743
656
815
680
853
973

1104

1200
848
805
725

1351

612
891
630
846
933
1182
1159
840
707
716

375
357
337
361
510
863
467
410
467
359
402
541
315
324
311
296
447
933

446
476
401
432
394
361
356
383
391
519
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99.
99.
99.
99.
99.
99.
99.
99.
99.
99.
99.
99.
100.
100.
100.
100.
100.
100.
100.
100.
101.
103.
103.
103.
103.
103.
103.
103.
103.

NOONPARUIRFNYNOONOW0ONBEBNWWNOO S W

114



2014.
2015.
.02
.03
2015.
.05
.06
.07
.08
.09

2015
2015

2015
2015
2015
2015
2015

12

924911
440226
488519
449243
476880
430325
733589
587156
475369
415467

. gen t=_n

. tsset t
time variable:

892 1324

400
356
353
353
331
350

622
600
712
739
909
928

331 1105
339 1165

346

delta:

. gen ry=y/(cpi/100)

. gen rsp=(s/sml)/(cpi/100)
. gen rbp=(b/bl)/(cpi/100)

. gen ds=0

. replace ds=1 if f.rsp>rsp

(94 real changes made)

797

t,

901 2.47
494 1.14
469 1.12
416 1.28
413 1.35
377 1.64
231 1.66
347 2.02
462 2.18
354 1.47

1 to 189

1 unit

103.
103.
102.
103.
103.
104.
103.
103.
103.
103.

OCONCSNWORW

Lmm——

L—m—

Lmm—
L ===
L====
Lmmmm

Lm———
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make data

set t as time series data

real income
real sake price per 1ml
real beer price per 11
dfault data

set ds=1 when excess demand exists



. probit ds ry rsp rbp, if t<188.5 <---- Estimate probit

88

188
69.76
0.0000
0.2677

2.65e-06
9.610729
.0158457

during the period from 1 to 1
Iteration O: log likelihood = -130.30103
Iteration 1: log likelihood = -95.883766
Iteration 2: log likelihood = -95.419505
Iteration 3: log likelihood = -95.419207
Iteration 4: log likelihood = -95.419207
Probit regression Number of obs =
LR chi2(3) =
Prob > chi2 =
Log likelihood = -95.4192607 Pseudo R2 =
ds | Coef Std. Err z P>|z|
_____________ +________________________________________________________________
ry | 8.04e-07 9.42e-07 0.85 0.393 -1.04e-06
rsp | -13.8574 2.166711 -6.40 0.000 -18.10408 -
rbp | .0026681 .0067234 0.40 0.691 -.0105094
_cons | 9.44494  3.697318 2.55 0.011 2.198331

16.69155

Note: 1 failure and 0 successes completely determined.

. logit ds ry rsp rbp if t<188.5 <---- Estimate logit
during the period

Iteration 0: log likelihood = -130.30103
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Iteration 1: log likelihood = -96.132508
Iteration 2: log likelihood = -95.65503
Iteration 3: log likelihood = -95.653538
Iteration 4: log likelihood = -95.653538
Logistic regression Number of obs = 188
LR chi2(3) = 69.29
Prob > chi2 = 0.0000
Log likelihood = -95.653538 Pseudo R2 = 0.2659
ds | Coef. Std. Err. z P>|z]| [95% Conf. Intervall
_____________ +________________________________________________________________
ry | 1.41e-06 1.56e-06 0.90 0.368 -1.65e-06 4.47e-06
rsp | -23.36485 3.941076 -5.93  0.000 -31.08922  -15.64048
rbp | .0046687 .0113128 0.41 0.680 -.0175041 .0268414
cons | 15.82621 6.301665 2.51 0.012 3.475172 28.17724

Dt — St = Bo + Biryt + Bor sp + Barbp
D; is observed, bus; is not observed. Therefor®; — S; is unobserved.
rspa>rsp = Di-Si>0 = ds=1.

Sp1 <rsp — Dt—StSO - dS:O
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Example 2: Consider the two utility functionddy; = XiB1+e€; andUy = X8+ €.

A linear utility function is problematic, but we consider the linear function for sim:
plicity of discussion.

We purchase a good whéh; > Uy and do not purchase it whesy; < Uy;.

We can observg = 1 when we purchase the good, i.e., whén > Uy, andy, = 0

otherwise.

P(yi = 1) = P(Uy > Uz) = P(Xi(81 - B2) > €1 + &)
=P(=Xp" > &) = P(-Xp" > €7) = 1 - F(-X5") = F(X5™)
B &
wheres” =p1—fz € =ai-€e, B7=— and § =—.

|
We can estimatg™, but we cannot estimate ando, separately.

Mean and variance af* are normalized to be zero and one, respectively.

If the distribution ofe™ is symmetric, the last equality holds.
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We can estimatg™ by MLE as in Example 1.

Example 3: Consider the questionnaire:

1, if the ith person answers YES
Yi =
0, if the ith person answers NO

Consider estimating the following linear regression model:
Yi = X8 + U;.

When E() = 0, the expectation of; is given by:
EQyi) = XB.

Because of the linear functioX;s takes the value fromco to .
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However, EY;) indicates the ratio of the people who answer YES out of all the peopl

because of Bf) = 1 x P(y; = 1) + 0x P(y; = 0) = P(y; = 1).

That is, Ef;) has to be between zero and one.

Therefore, it is not appropriate thatyg(is approximated aX;s.

The model is written as:

yi =P(yi =1)+u,

wherey; is a discrete type of random variable, i.g;,takes 1- P(y; = 1) with

probability P(y; = 1) and—P(y; = 1) with probability 1- P(y; = 1) = P(y; = 0).
Consider thaP(y;) is connected with the distribution functid(X3) as follows:

P(yi = 1) = F(XB),
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whereF(-) denotes a distribution function such as normal dist., logistic dist., and ¢

on. —> probit model or logit model.
The probability function ofy; is:
fiy) = FOXBY (L - FXB)™ = Fi(1-F)™, vy =01

The joint distribution ofyy, y», - - -, Ya IS:
n

fy1, Y2, -+, ¥n) = l_[ f(y) = 1—[ F'(1- F)™ = L(B),
i=1

i=1

which corresponds to the likelihood functior» MLE
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Example 4: Ordered probit or logit model:

Consider the regression model:
W:Xiﬁ+ui, Ui~(0,1), i:1,2,--~,n,
wherey; is unobserved, by is observed as,2,---,m, i.e.,

1, if —co <y <ay,

2, if ay <y <ay,
Yi =

9

m, if ap-1 <Y} < oo,

whereay, ay, - - -, a1 are assumed to be known.
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Consider the probability that takes 1, 2;--, m, i.e.,

P(yi = 1) = P(yf < a1) = P(ui <& — XiB)
= F(a - XiB),

Plyi=2)=P(ay <Yy <ap) =P(ag — XS < U <a— XB)
= F(az - XiB) — F(aw — XiB),

Plyi=3)=P(ax <y <ag) =P(ax— X < U <azg— XB)
= F(ag - XiB) — F(az - XiB),

Plyi = m) = P(@n-1 < Y;) = P(am-1 — X8 < W)
=1-F(am-1— XpB).
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Define the following indicator functions:

1, if Vi = 1, 1, if Vi = 2, 1, if Yi=m,
li1 = . lip = ) o lim = .
0, otherwise. 0, otherwise. 0, otherwise.

More compactly,
Py = j) = F(aj — XiB) — F(aj-1 — Xip),

forj=1,2,---,m, whereay = —c0 anda,, = .

| 1 ify =],
! 0, otherwise,

forj=2,2---,m.
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Then, the likelihood function is:
L®) = [ ](Fla - %8)) " (F(az — Xi8) ~ F(ar ~ X)) " -+ (1~ F(ams — %i8))"
i=1

(F(aj - %) - Fay1— Xp)) ",

E

i=1 j

1l
=

whereag = —co anda, = co. Remember thaf(—o0) = 0 andF(c0) = 1
The log-likelihood function is:

logL(8) = ), ), lilog(F(a - XB) - F(aj-1 - XiB)).
i=1 j=1
The first derivative of lod.(B) with respect tg is:
alog L(B) Z Z IIJX f(aj — XB) — f(aj-1 - Xiﬁ))
— < F(a-Xp)-F@j-1-Xp)

Usually, normal distribution or logistic distribution is chosen Fdf).
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Example 5:  Multinomial logit model:

Theith individual hasm+ 1 choices, i.e.j =0,1,---,m.

_ expXp)
ern:o expXis;)

for B = 0. The case ofm = 1 corresponds to the bivariate logit model (binary

P(yi = J) Pij,

choice).
Note that
lo Pi _ X
95 = Xb,
The log-likelihood function is:
|Og L(ﬁb""ﬁm) = Zdlj In Pija
i=1 j=0

whered;; = 1 when thath individual choosegth choice, andl; = O otherwise.
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