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We will look at some empirical studies for panel data analysis.

1 Empirical study 1

Z. Lv and R. Yang (2018) “Does women’s participation in politics increase female labor participation?
Evidence from panel data analysis” Economic Letters 170, 35-38.

Their reserch question as follows. Whether women’s participation in politics affects female labor participation
rates? They used the following equation for this verification.

FLRP ∗
it = α+ βWPPit + γCVit + µit + ϵit

whereFLRP ∗
it = log

(
FLRPit

1− FLRPit

)
(1)

FLRPit: Female labor participation rates.
WPPit: Women ’s political participation index by Sundstrom (2017). CVit: Set of control variables.

They use a sample of 99 countries with data covering the years from 1991 and 2012. FLPR is defined as the
number of female labor participants of age 1564 divided by the total female population of the same age group
(1564), and labor force participation is defined as employed (paid and unpaid family workers) plus unemployed
(actively seeking work).

Column 1shows the results from simple static fixed-effects specifications. WPP has a positive and statistically
significant effect on FLPR at the 1% level. Also 4th column show the result of dynamic panel data by GMM
system estimator. if FLPR is persistent or/and there exist the reverse causality between FLPR and WPP, then
the results obtained from the static model could be biased. To take into account the dynamic effects and the
endogeneity issue, we further apply the dynamic panel data to study the impact of WPP on FLPR. Specifically,
they adopt the system GMM estimator.
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2 Empirical study 2

E. S. Mayfield and R. G. Murphy (1992) “Interest rate parity and the exchange risk premium Evidence from
panel data’ ’ Economic Letters 40, 319-324.

This paper provides evidence that a time-varying risk premium is responsible for the rejection of the interest
rate parity theory. The interest rate parity theory in linearized form, modified to include a time-varying risk
premium, states that the expected change in the domestic price of foreign exchange can be related to the
difference between domestic and foreign interest rates:

EtS
i
t+n − Si

t = ρin,t + [Rn,t −Ri
n,t] (2)

Si
t is the logarithm of the domestic price of foreign currency i in period t+ n, Rn,t and Ri

n,t , are n-period

interest rates on similar assets denominated in domestic currency and foreign currency i and ρin,t is the time
varying risk premium. Under the assumption of rational expectations, the actual exchange rate will be equal
to the expected exchange rate plus a white noise forecast error:

Si
t+n = EtS

i
t+n + γi

t+n (3)

From these equations, we can get

Si
t+n − Si

t = ρin,t + [Rn,t −Ri
n,t] + γi

t+n. (4)

They use following equation to estimate.
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Si
t+n − Si

t = ϕ+ ηt + µi + α[Rn,t −Ri
n,t] + γi

t+n (5)

Data for maturities at three and six months over four currency denominations (U.S. dollar, French franc,
Swiss franc, and German mark) are employed. s The exchange rate is defined as the dollar price of the respective
foreign currency. The data are for the last trading day of the month over the period January 1975 to October
1990.

Column (1) and (4) are assumed that the fixed currency and fixed time effects are zero (ηt = µi = 0), and
only allow for the presence of a constant term. Columns (2) and (5) report estimates assuming only a fixed
currency effect ηt = 0 and Columns (3) and (6) provide estimates allowing for both fixed currency and fixed
time effects. There results suggest that accounting for these unobserved but related movements in risk premia
improves the ability of the interest rate parity theory to explain fluctuations in exchange rates. References

3 Empirical study 3

C.W. Hansen (2012) “The relation between wealth and health: Evidence from a world panel of countries”
Economic Letters 115, 175-176.

This paper presents panel data evidence that documents a U-shaped relation between GDP per capita
(wealth) and life expectancy (health). The basic empirical specification is given by the following reduced form
relationship between wealth and health.
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LGDPit = α1LLEit + α2LLE
2
it + δi + µt + νit (6)

where LGDPit is the level of wealth for country i in period t ,measured by the log of real GDP per capita,
LLEit is the level of health which is measured by log life expectancy at birth, δi and µt are time and country
specific effects, and ν is the disturbance term. In all the regressions reported in this paper δi and µt are
removed from the disturbance term by fixed effect estimation and inclusion of time dummies. The panel data
set constructed for the purpose of estimating above equation is based on 10-yearly observations from 1940 to
1980 with data from Acemoglu and Johnson (2007).

To account for dynamic effects and the endogeneity problem, I also estimate the following equation:

LGDPit = γLGDPit−1 + β1LLEit + β2LLE
2
it + δi + µt + νit. (7)

They estimate β1 and β2 by GMM estimation as suggested by Arellano and Bond (1991).

They find that α1 is negative and insignificantly different from zero, which might mistakenly lead to the
conclusion that wealth and health are not related after all. However, this conclusion is reversed when allowing for
a nonmonotonic relationship. In particular, column (2) shows a negative α1 and a positive α2 -both statistically
significant at the 1% levelwhich reveals that wealth follows a U-shaped path in the country level of health. This
economical interpret is as follow. In an early stage of development, the effect of health improvements on wealth
is negative because, at this stage, the only effect is to increase the size of the population which possibly has an
adverse effect on wealth. In contrast, at a later stage of development, health improvements may induce human
capital skills and the so-called Malthusian population link may be broken so that health improvements actually
lead to a lower population size.

4 Empirical study 4

J. Wildman and B. Hollingsworth “Public smoking bans and self-assessed health: Evidence from Great
Britain” Economic Letters 118, 209-212.

This paper investigates the impact of a public smoking ban on self-reported health status in Great Britain.
They use the implementation of public smoking bans in England and Scotland as a natural experiment to
estimate the causal effect of smoking bans on self-reported health. Scotland introduced a smoking ban in March
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2006 (England followed in July 2007). This time difference is used to provide treatment (Scotland) and control
(England) groups. The estimating equation is:

Healthit = αi + β1Tt + β2SBi + τT · SBit +Xitγ + νit (8)

whereHealthit is the outcome of interest, SBi demonstrates whether an individual was exposed to a smoking
ban (in this case residing in Scotland), Tt is a time effect common to both groups, Xit is a matrix of control
variables. αi is an individual fixed effect and ν is the idiosyncratic error term. The treatment effect is identified
as the parameter τ .

They use data from England and Scotland from the British Household Panel Survey (BHPS), a panel survey
which has run since 1991. The introduction of the smoking ban in Scotland in 2006 coincides with wave 16
of the BHPS. Wave 1 consisted of over 5000 households providing around 10,000 individual interviews from
England and Scotland.

Their outcome measure is self-assessed health (SAH). In all waves (except wave 9 (1999)) individuals were
asked“Please think back over the last 12 months about how your health has been. Compared to people of your
own age, would you say that your health has on the whole been …Excellent, Good, Fair, Poor or Very Poor”.2
This variable is dichotomised into a variable indicating good health (respondents answering excellent or good).
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They find health benefits, but only for non-smoking women, suggesting the importance of a reduction in
exposure to second-hand smoke.
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