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NE | 093] -0.20, 1.86] 416 [ 3.30, 4.85]
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NM | -1.99 [ -2.96, -1.35] -2.70[ -3.34, -2.04]

NP | -1.10 [ -2.10, 0.31] -1.46] -2.09, -0.78]

PB | 541 4.94,  5.91] -3.71] -4.16, -3.17]
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(0oooo0) (LOGMAP-J)

1 9.5% 20.8% —0.707 0500  0.500
2 0.5% 10.3% —0.707  0.707  0.000
3 18.1% 6.7% —0.707 0500  —0.500
4 26.1% 12.6% —0.707  0.000  0.707
5 16.7% 14.5% ~1.000  0.000  0.000
6 0.4% 0.2% —0.707  0.000 —0.707
7 14.1% 0.4% —0.707  —0.500  0.500
8 0.9% 10.3% —0.707  —0.707  0.000
9 5.1% 0.0% —0.707  —0.500  —0.500
10 0.5% 1.1% 0.000  0.707  0.707
11 0.5% 0.1% 0.000  1.000  0.000
12 0.6% 7.1% 0.000  0.707 —0.707
13 0.6% 0.3% 0.000  0.000  1.000
14 0.4% 3.1% 0.000  0.000  0.000
15 3.9% 0.0% 0.000  0.000 —1.000
16 0.9% 11.2% 0.000 —0.707  0.707
17 0.5% 0.0% 0.000 —1.000  0.000
18 0.6% 1.3% 0.000 —0.707 —0.707
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